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2.1. IETF SFC Long—lived Flow Use Cases
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2.2. Q—learning
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Q(state, action) = R(state, action) + gamma (1)
* Max/Q(next state, all actions)]

Environment

Reward Action
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=
1: Q—Matrix < 0
2. R—Matrix < Reward(Topology information)
3! while
4: while ( Iterated n times )
5: Select a random state S
6: Find possible actions and Select a random action 4
7: S = Vsre, A = Vdst
8: if (Vdst == Next SN || Goal state) then
9: if ( Process Time%Last Process T/n?e &&
Observed Bandwidth>Whole Bandwidth#0.8 ) then
10: R[Vsrc][Vdst] value is R[Vsrcl[Vdst] *0.5
11: else
12: R[Vsrc][Vdst] value is R[Vsrc][Vdst] 2
13: endif
14: else
15: R[Vsrc][Vdst] value is R[Vsrc][Vdst]
16: endif
17: Compute Q—learning Algorithm
18: Update Q—Matrix
19: endwhile
20: Update Route
21: endwhile
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